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Study drug-protein-pathway-cellular processes-disease relationships m
Establish the links from basic research to translational medicine
Integrate artificial intelligence, big data, physico-chemical
concepts, and biology for "molecular interactions”, "cell
behavior" and "drug discovery principles”
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1. The commonly used bacterial resistance detection method - blood culture: time-consuming and laborious

% P 4T B T AR A e —— LR e s BERT-based model structure ° _

6460

. o O—— o« &)
Day 1 Day2 Day2 -3 Day 3 -4 Pre-training dataset j};}jj & - S
e T Anvi g A
-L )L Posmve .’% .' D 3 p
EE \.\ @
V
Ekﬁ(blood sampling) i%%(mltm e) ﬂﬁgi(hthogeu detection ) ﬁﬂi*ﬁ&(AST)
® ®
2. Our study of drug resistant pathogen detection method - mass spectrometry fast and accurate. Pretrained o eedng saseine encoding
FRAPTHIT FC 1A TR i ZE R T T —— L% 4 W - ﬁﬁﬁﬁ@ _________ 5-10 minutes BERT backbone
I
Day 1 Day 2 | ) 2 {3
1 F1o &
Jl )\ 5 Posmve ! 5 # el i
" 1 ) 4 Ss % ) ..v;'”{ ¥
EE . T IR s
. = | Downstream v § 7
E¥-E£ (blood sampling) iﬁ%(mlmlt’) \ _ _Pathogen detection ~  AST ™ neural network )
° for classification

5
xxxxxxxxx

AAAAAAAAAAAA

Combine artificial intelligence (AI) and mass spectrometry (MS)
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The world’s fastest server for protein
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The world’s first structure prediction algorithm
for circularly-permuted proteins.
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